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Abstract This paper describes a cone restricted subspace method for multi-classification of CHLAC features that
are taken from both human and non-human motions. CHLAC features are obtained from binarized frame-difference
image sequences. Because CHLAC features are position invariant and addable, they should be suitable for generic
motion analysis in surveillance. We show that the cone restricted method can be applied to action classification.
We have evaluated the method by the experiment of actions of person, bicycle, and automobile.
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